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Works related to energy

 Studies done mostly in Asia (Indonesia and China)

 Hybrid models performed best(LSTM & CNN / ARIMA & ANN/ GRU & Bi-LSTM)

* Datasets:
+ Household Power Consumption Dataset

+ Ontario Demand Dataset

 Best results on these datasets: VACL ( VAR-CNN-LSTM)




Works related to sales

 Studies done in Taiwan and USA
 Hybrid models performed best

« The markets are affected of seasonality, easier to predict

e Best results: RNN & ARIMA




Works related to trading

 Studies done on multiple stock markets: South Korea, China(SSE Composite Index),
USA(Dow Jones Index), Japan(Nikkei 225 Index), India (CSE 300 Index), Australia
(All Ordinary Index)

 Paper proposed one method, no compariosn or reasoning behind the choices

 Preffered algorithms: SVR, ARIMAX, SOFM-SVR (hybrid)




Conclusion

 predicting the future is an important asset

* no umbrella method

 the most important concern: getting robust and accurate data




Abbreviation dictionary

ANN - Artificial Neural Network
ARIMA, - Autoregressive Integrated Moving Average

ARIMAX" - Autoregressive Integrated Moving Average
with Explanatory Variable

BI-LSTM - Bilateral Network Long Short-term Memory
CNN - Convolutional Neural Network

CNN-LSTM - Convolutional Neural Network Long Short-
term Memory

DNN* - Dynamic Neural Network

10.

11.

12.

13.

14.

FNN - Feedforwardm Neural Network

GRU - Gated Recurrent Unit modelSVR - Support Vector
Regression

LSTM - Network Long Short-term Memory
MAE - Mean Absolute Error
MICE - Multiple Imputation by Chained Equations

MIMO (strategy) - Multiple Input, Multiple Output
(strategy)

MSE - Mean Squared Error

15.

16.

17.

18.

19.

20.

21.

22.

MV-ANN - Multi-View Artificial Neural Network
PPCA - Probabilistic Principal Component Analysis
RNN - Recurrent Neural Network

SOFM - Self-organizing Feature Map

SVR - Support Vector Regression

VAR - Vector Autoregressive Models
VAR-CNN-LSTM(VACL)

WNN - Wavelet Neural Network
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